
Marketing analytics

Introduction to Experimentation

Definition:

 Experimentation design involves systematically testing hypotheses about a new product or feature to 

evaluate its market potential before full-scale launch.

Purpose:

• Minimize risk by validating assumptions with real data.

• Identify the most effective product features, pricing, and messaging.

Importance in Marketing Analytics:

• Provides data-driven insights for product strategy.

• Reduces costs from failed product launches.

Example: Testing different smartphone camera configurations on a limited customer segment to identify 

preferred features.
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Key Components of Experimentation design

• Hypothesis Formulation: Define what you are testing (e.g., “Feature A increases adoption by 10%”).

• Independent Variables: Product features, price points, packaging, promotional messages.

• Dependent Variables: Metrics such as conversion rate, purchase intent, user engagement, or revenue.

• Control and Test Groups:

• Control group experiences current or baseline conditions.

• Test groups experience the variations being evaluated.
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Types of experiments

➢ A/B Testing:

Compare two variations (e.g., pricing or messaging) to identify which performs better.

➢ Multivariate Testing:

Simultaneously test multiple variables to understand interaction effects.

➢ Pilot Launch / Soft Launch:

Launch product to a small segment to gather performance data and feedback.

➢ Factorial Design Experiments:

Assess combinations of features or conditions to optimize overall product design.

➢ Example: Launching three versions of a subscription plan with different pricing and benefits to a limited 

user base to evaluate uptake.
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Analytical Techniques for Data collection

• Metrics to Track: Conversion rates, revenue per user, adoption rate, churn risk, NPS, engagement 

metrics.

• Data Collection Methods: Surveys, product usage tracking, CRM and web analytics, A/B testing 

platforms.

• Statistical Analysis: Use t-tests, ANOVA, regression, or machine learning models to quantify effect 

sizes and significance.

• Example: An e-commerce platform tracks click-through rates, purchase behavior, and revenue per test 

group to evaluate feature impact.
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Benefits:

• Reduces risk of product failure by validating assumptions.

• Identifies optimal pricing, messaging, and feature configurations.

• Improves ROI by focusing resources on high-performing product elements.

Strategic Applications:

• Guides marketing campaigns, product roadmap, and customer targeting.

• Provides evidence for scaling the product to wider markets.

• Enhances learning for continuous product improvement.

Takeaway:

Proper experimentation design enables companies to launch products confidently, make data-driven 

decisions, and maximize market success while minimizing resource wastage.
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